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Project Overview

Motivation:
- Many long video applications (CCTV, sports)

Limitations:
- High computational cost
- Memory bank compression loss

man with the number 7 Answer: Red
in the video?

Question: What color is %




Step 1: Calculate the cosine
similarities of adjacent frames
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Step 2: Select top-1 similarity and
average selected features

Existing Memory Compression
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Why weights?

- Associative memory
(pattern storage)
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- Similar to brain
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Our Architecture Flow
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Results

Question: how many boys
splashed in the little pool?

Question: what did the
otfficer pull a gun on? MA-IMM: motorcyclist



Future Work

Modify architecture to best interpret memory bank weights
Experiment on longer video datasets
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