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\
' ;‘:l Hello, World! _'l[ Background

* Colorectal cancer survival rate: 95% (stage | and Il), 35%
ifx<O (stage IVand V)
@) x=1 .

Highly dependent on physician experience (22%-28% miss
rate)
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Hello, World! Goal
g (oo Woriat)

* Develop semantic aware model to segment polyps

ifx<0 * Employ a zero-shot, training-free model using reinforcement

() x=1 learning

* Adapt point optimizer agent on 3D colonoscopy dataset

l ColonSAM
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