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Diffusion Model Architecture
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Concept Inversion
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Ablation - all weights vs cross-attention weights

Unrelated Concept
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● Concept Inversion is introduced without ablation on the larger dataset

● The number of concepts in the result table are very little
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● The ablation for augmented query text is missing (e.g. after forgetting “elon 
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Conclusion and Limitations

● Overall its a light-weight solution for concept forgetting. 
● Struggle to forget abstract concepts.
● Restreering loss or Visual Denoising loss or both

○ The losses are very similar and without ablations

● Concept Inversion is introduced without ablation on the larger dataset
● The number of concepts in the result table are very little
● Figure 3 could’ve been better, the matmul and attn operations are not 

properly shown.
● The ablation for augmented query text is missing (e.g. after forgetting “elon 

musk” what if the prompt is given like “the owner of tesla/spacex company”?
● Introduced Mscore is not properly reflected in results table.
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Thank You!
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